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Constrained Distributional Clustering of Words using
Lexico-syntactic Patterns

oooo™ gooot
Nobuhiro Kaji! and Masaru Kitsuregawa'

lOpoooooooooo
! Institute of Industrial Science, University of Tokyo

Abstract: This paper proposes to incorporate supervision in the form of pair-wise constraints into
word clustering. Following the framework of constrained clustering, or semi-supervised clustering,
we extended distributional clustering algorithm by using the Markov random field as a prior dis-
tribution on hidden variables. In addition, we propose to automaticallly induce constrants from
corpora using lexico-syntactic patterns, while constraints are usually given by hand in literatures.
Our experimental results demonstrated that the quality of clustering was significantly improved

by constraints.
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