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Abstract:

This paper proposes a method to automatically build a dictionary of named entities

from corpora that boosts the the performance of named entity recognition by augmenting feature

set. The aim of the use of the dictionary is to aid to recognize unknown entities that don’t appear

in training data and are problematic when adapting supervised learning to real-world text. Our

experimental results suggest that the performance of recognizing unknown naned entity can be

improved by our proposed method.
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