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Extracting Evaluative Expressions and Reputations from the BBS

ooooxt
Shigeru FUJIMURA

ooooo*
Masashi TOYODA

ooooox?
Masaru KITSUREGAWA

“000000o000ooooooon

Graduate School of Information Science and Technology,The University of Tokyo

“00oo00ooooooo

Institute of Industrial Science,The University of Tokyo

Recently the power of Web communities is much attentioned. Many people check reputation of products which
they want by BBS. So, companies cannot ignore reputation on the BBS. And they precisely check their product’s

reputation.

Thus, automatically extraction of reputation and positive/negative classification has been getting

more attention. This paper describes a reputation classifying method based on statistic extracting keywords. Some
experimental results in classifying documents show the effect of the proposed method. Then, extracting opinions
which include in reputation can be also realized by expansion of this method.
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O 1: Process flowchart of our approach
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0 1: Hi-scored features of adjectives, adj-verbs

Postive ooo bright 0.62
oo beautiful 0.60

gooo happy 0.58

Negative ooo awful -0.60
oo no way -0.50

ooo not stable | -0.49

0 2: Hi-scored features of nouns,un-known words

Postive oo content 0.64
SXGA SXGA 0.58

ooo inch 0.57

Negative oo fix -0.76
oo worst -0.68

oo power supply | -0.64
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if O Score(d) > 0 — positive 3)
00 Score(d) < 0 = negative
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O 3: Accuracy of P/N classification

(1) adjs,adj-verbs (2) (1)+n, UKW
Positive | Negative | Positive | Negative
Our approach 83.8 71.3 86.2 72.9
C4.5 79.1 60.5 78.0 60.3
SVM 79.6 71.8 80.4 73.0
Relation between accuracy and data amount
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0 2: Relation between score and accuracy
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O 4: Example of negative reputation
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