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Table A-1 Meanings of katakana verbs and adjec-
tives used in the paper.
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Abstract In Japanese text mining, word segmentation and POS tagging are indispensable. However,
there are a lot of colloquial expressions in Web text and it is hard for conventional NLP techniques to
process such text. Considering that the major source of the error arises from katakana verbs and adjectives,
this paper presents a method of acquiring katakana verbs and adjectives from large Web text.

Key words The Web, NLP, Joint Word Segmentation and POS Tagging



