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Abstract Considering receiver’s emotion in conversation is important to do natural communication. We propose

two tasks. (1)Classification of utterances in terms of receiver’s emotion. (2)Generation of utterances to evoke par-

ticular emotion. We prepare the conversation corpus of microblog, and tag it receiver’s emotions by a few emotional

phrases. The experiments show our statistical methods are better than baselines.
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OISR ERRR ORI R E T 5 BLEU ZH W5 Z & D
FELFHBHNTERMAHE7259. 20ROV TE, HRE
AR LIZRFEEZ 52T (ZOXIRIEERDHY 550 AT
THEHMOILTHL 9 ZL2RF LTS, E£72—HT, T
WAL A7 ITBITHT A N TF— 2 DL L R,
ANEIMIEEZ TR LT WREEXT &7 A b7 —% L3713,
BLUE #HW2ia ThRE RGBT A D D TIERWINEE
ZTWA.

8. HBhHh Y I

AFETH, HEHCL o THRE SN DM & FoREE 0T 5
LA L, FREDRIE WL S D120 DOREEERSY A7 &4
FELz. EHLDFZAZITRBVTHLEEZEE LEZFELHO
HZLICXY, BEZHESEAZLNTEZ. SH%OBEIT
A= RADFEE LT A N T —FOE D E, % L CEHMliGED
Bt ch .
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