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An Application of Monte-Carlo Tree Search Algorithm for Shogi Player
Based on Bayesian Approach

DAISAKU YOKOYAMAZ!-®)

Abstract: Monte-Carlo Tree Search (MCTS) algorithm is quite effective for playing Go, however it has
some weakness for playing tactical games, like Shogi. We propose a new MCTS method that uses Bayesian
Approach to propagate distributions of leaf values, and apply it for Shogi player. Through large amount of
self-play evaluations we conclude the method has high effectiveness. It also reveals several characteristics
of the proposed method; simulation search should keep a certain amount of size, increasing the number of
simulations is not effective, etc.
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