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Abstract:

Microblogs have recently become an important target of natural language processing.

Since microblogs offer an instant way of posting textual messages, there are emerging possibilities

that social behaviors can be monitored in real-time by analyzing text data on microblogs. How-

ever, the abundant use of ill-formed words on microblogs makes accurate text analysis, especially

morphological analysis in Japanese case, difficult. We address this problem by proposing a joint

model of lexical normalization and morphological analysis.
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