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Domain-aware response selection for online conversation
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This paper proposes a domain-aware dialogue system that selects plausible responses for an input utterance
from a given pool of response candidates. We employ Long Short-Term Memory-based Recurrent Neural Networks
(LSTM-RNNs) to evaluate each response candidate as the suitability as response to the input utterance. In
order to capture the diversity of domains (topics, wordings, writing style, etc.) in online conversation, we train
multiple LSTM O RNNs from subsets of utterance-response pairs that are obtained by clustering of distributed
representations of the utterances, and use the LSTM-RNN that is trained from the utterance-response cluster whose
centroid is the closest to the input utterance. Experimental results on Twitter conversation datasets confirmed the

effectiveness of multiple LSTM-RNNs.
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