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Jooooooooo sQuLooooooooo
Q.1

SELECT e.o_orderkey, e.o_custkey, f.o_orderkey,
f.o_custkey, date_trunc(’month’, e.o_orderdate),
date_trunc(’month’, f.o_orderdate)

FROM orders e, orders f

WHERE e.o_custkey = f.o_custkey AND f.o_orderdate
BETWEEN date_trunc(’month’, e.o_orderdate)

+ interval ’1 month’ AND

date_trunc(’month’, e.o_orderdate)

+ interval ’1 month’ * 2 - interval ’1 day’

AND e.o_orderdate BETWEEN cast(’1994-1-1’ as date)
AND cast(’1994-1-1’ as date)

+ interval ’1 month’ - interval ’1 day’;

Q.2
SELECT e_orderkey,
e_orderdate + f_info[1] * interval ’1 day’

e_partkey,

as f_min_orderdate,
e_orderdate + f_info[2] * interval ’1 day’
as f_max_orderdate,
f_info[3] as f_quantity, f_info[4] as f_order_count
FROM
(SELECT e.o_orderkey as e_orderkey,

e.l_partkey as e_partkey,

e.o_orderdate as e_orderdate,

(SELECT ARRAY[min(o_orderdate) - e.o_orderdate,
max (o_orderdate) - e.o_orderdate,
sum(l_quantity), count(x)]

FROM orders fo

INNER JOIN lineitem fl ON o_orderkey = 1_orderkey
WHERE fo.o_orderdate
BETWEEN e.o_orderdate + interval ’1 day’ AND
e.o_orderdate + interval ’3 month’
AND f1.1_partkey = e.l_partkey

GROUP BY fl.1_partkey) as f_info



FROM
(SELECT * FROM orders
INNER JOIN lineitem ON o_orderkey = 1l_orderkey
WHERE o_orderdate
BETWEEN cast(’1994-1-1’ as date) AND
cast(’1994-1-1’ as date) + interval ’3 month’
- interval ’1 day’
AND o_custkey between 1 and 150) e) as result
WHERE f_info[3] > 100

Q.3
SELECT e.o_orderkey, e.o_orderdate, e.o_custkey,
e.l_partkey, f.o_orderkey, f.o_orderdate,
f.1_partkey, g.o_orderkey, g.o_orderdate,
g.1l_partkey
FROM
(SELECT * FROM orders
INNER JOIN lineitem ON o_orderkey = 1_orderkey
INNER JOIN part ON 1_partkey = p_partkey
AND p_brand = ’Brand#11’) e,
(SELECT * FROM orders
INNER JOIN lineitem ON o_orderkey = 1l_orderkey
INNER JOIN part ON 1l_partkey = p_partkey
AND p_brand = ’Brand#21’) f,
(SELECT * from orders
INNER JOIN lineitem ON o_orderkey = 1l_orderkey
INNER JOIN part ON 1l_partkey = p_partkey
AND p_brand = ’Brand#31’) g
WHERE f.o_custkey = e.o_custkey AND g.o_custkey
= e.o_custkey AND f.o_orderdate
BETWEEN (e.o_orderdate + 1) AND (e.o_orderdate
+ interval ’6 month’) AND g.o_orderdate
BETWEEN (f.o_orderdate + 1) AND (e.o_orderdate
+ interval ’6 month’ * 2) AND e.o_orderdate
BETWEEN cast(’1994-1-1’ as date) AND
cast(’1994-1-1’ as date) + interval ’6 month’
- interval ’1 day’

Q.4
SELECT e.o_orderkey, e.o_orderdate, e.o_custkey,
e.l_partkey, f.o_orderkey, f.o_orderdate,
f.o_custkey, f.l_partkey
FROM
(SELECT * FROM orders INNER JOIN lineitem
ON o_orderkey = 1l_orderkey) e,
(SELECT * FROM orders INNER JOIN lineitem
ON o_orderkey = 1_orderkey) f
WHERE f.o_custkey = e.o_custkey AND f.l1_partkey
= e.l_partkey AND
(SELECT count(*) FROM orders
WHERE o_custkey = e.o_custkey AND o_orderdate
BETWEEN (e.o_orderdate + interval ’1 day’) AND
f.o_orderdate) BETWEEN 1 AND 5
AND e.o_orderdate BETWEEN cast(’1994-1-1’ as date)
AND cast(’1994-1-1’ as date) + interval ’1 month’
- interval ’1 day’

Q.5
SELECT f.1_partkey, f.o_orderkey, f.o_orderdate
FROM

(SELECT distinct 1l_partkey

FROM orders INNER JOIN lineitem
ON o_orderkey = 1_orderkey
WHERE o_orderdate BETWEEN cast(’1994-1-1’ as date)
AND cast(’1994-1-1’ as date) + interval ’6 month’
- interval ’1 day’) e
INNER JOIN
(SELECT 1_partkey, o_orderkey, o_orderdate
FROM orders INNER JOIN lineitem
ON o_orderkey = 1_orderkey
WHERE o_orderdate
BETWEEN cast(’1994-1-1’ as date)
- interval ’6 month’ AND cast(’1994-1-1’ as date)
- interval ’1 day’) £
ON e.l_partkey = f.1l_partkey

Q.6
SELECT =*
FROM orders fo
WHERE fo.o_orderdate >= cast(’1994-1-1’ as date)
+ interval ’1 month’ + interval ’1 day’
AND fo.o_custkey
BETWEEN 1 AND 50 AND
(SELECT count(*) FROM orders co
WHERE co.o_orderdate BETWEEN
cast(’1994-1-1’ as date) + interval ’1 month’
+ interval ’1 day’
AND fo.o_orderdate
AND o_custkey BETWEEN 1 AND 50)
< (SELECT count(eo.x*)
FROM orders eo
WHERE o_orderdate BETWEEN
cast(’1994-1-1’ as date)
AND cast(’1994-1-1’ as date)
+ interval ’1 month’ - interval ’1 day’
AND o_custkey BETWEEN 1 AND 50)

Q.7
SELECT min(o_orderdate) from (
SELECT e.o_orderdate
FROM
(SELECT distinct o_orderdate FROM orders
WHERE o_orderdate
BETWEEN cast(’1994-1-1’ as date) AND
cast(’1994-1-1’ as date) + interval ’12 month’
AND o_custkey BETWEEN 1 and 100) e
WHERE
(SELECT sum(o_totalprice) FROM orders
WHERE o_orderdate
BETWEEN cast(’1994-1-1’ as date) AND
cast(’1994-1-1’ as date) + interval ’12 month’
AND o_orderdate <= e.o_orderdate
AND o_custkey between 1 and 100) >=1000000
) a



