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Table 1 Level of rain intensity.

HREE L~V A R R D HEFH
1 F5VOFE ;10 mmvh R (0 ZBR<)
2 ROV - 10mm/h LA 20 mmvh SR
3 FRUNE 0 20 mm/h BB 30 mmv/h A
4 WL 30 mmv/h AL 50 mm/h SR
5 HFICEW LN, EA2W 0 50 mmv/h Bk
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Fig.2 Processing Image of Target-Tweet Extraction.
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Fig.4 Candidate level of XRAIN within past time.

[/ ) T3 )
A m b SRR

2015/08/20  05:20 1 2015/08/01 19:34 2
2015/08/20  06:44 1 2015/08/02 15:13 2
2015/08/20 08:12 1 2015/08/02 15:42 3
2015/08/20  09:29 1 2015/08/02 17:39 3
2015/08/20  14:06 1 2015/08/02 18:03 5
2015/08/20 18:43 1 2015/08/02  15:06 4
(BLF, #05) (LR, #0E)
RSB IE R A R

LoUb 1 147%
LUV 2 29.4%
L3 324%
LUk 4 147%
L5 8.8%

Lokl 100 %

5 FEMIREL L~V OHEE SRERBUN - H 4R
Fig.5 Monthly aggregation of rain intensity level by
each words.
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3 RN L ~OVEOE R (2015 4)
Table 3 Annual trend of frequent values (2015).

NG ETH
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(%) (%)

1A UL 100 LL ] 50
2 A LL ] 100 L] 83
34 LL ] 100 L~UL 85
4 H L~UL ] 100 L~UL ] 84
5 H |25V 100 LL 2 77
6 H UL 98 UL 2 74
7H LL ] 97 L~L 3 54
8 L~UL ] 96 L~UL 3 32
9A UL 98 L~UL3 46
10 A |25V 100 LL 2 65
114 |22V 100 ULl 88
12 H LUL ] 100 L~UL ] 67
F¥y 99 67

4 EERE Sy —
Table 4 Estimated model pattern.
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Table 5 Classification of estimated words.
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Table 6 Annual Average of Matched Rates (2016).

(%)
NG =Yy e S AR BLO
Category 1 Category 2 Category 3
A 8.1 (87.7) 78.8 (74.5) 69.2 (62.7)
B 86.2 (85.1) 712 (69.7) 56.8 (59.7)
C 975 (97.8) 81.6 (82.7) 79.8 (76.7)
D 925 (91.6) 79.2 (79.1) 69.8 (632)
E 99.8 (99.7) 81.7 (80.4) 71.8 (68.7)
F 99.4 (99.1) 80.8 (80.2) 657 (61.7)

*£ 7 Category Z & OHtEELE/NY —
Table 7 Model pattern for each category.

Category 1 Category 2 Category 3
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Table 8 Appearance rate of “heavy rain” by rain
intensity level.
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Table 9 Distribution number according to population

density.
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B 6168.7 1
FiEll 3777.7 1.63
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Table 10 The result of applying the estimation
model (2017).

*tE A Tweet £ — B Category 150
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1 2 3

1A 409 98.8 94 4 2
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41 968 91.4 83 13 4
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6 A 763 78.2 32 35 33
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) 87.1 [ ==

£ CHEEMT Y — RIEESE (2016)
Table 11  Annual average of matched rates by
pattern¥ (2016).
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#£12 EFVOEMNEEIZL D —FEOLE (2017)
Table 12 Comparison of rates with model condition
change (2017).
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