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Automatic extraction of reputations from huge
information on the Web is much attended. Extracted
reputations can be wutilized for marketing, claim
management in companies and decision support in
customers. But, because of subjective aspects of
reputations, extracting reputations is not so easy. This
paper describes a reputation classifying method based on
statistic extracting evaluative keywords. Then, extracting
opinions which include in reputation can be also realized
by expansion of this method. We also introduce our
system of extracting reputation. In the process of making
this system, it turns out that there are various problems.
So, we make a report of consideration about these
problems.
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Table 1 Hi-scored features
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Table 2 Accuracy of P/N classification

(1) (2) (3)
P N P N p N
Our approach 83.8 | 71.3 | 81.9 | 62.5 | 86.2 | 72.9
C4.5 79.1 | 60.5 | 78.6 | 568.2 | 78.0 | 60.3
SVM 79.6 | 71.8 | 81.7 | 66.2 | 80.4 | 73.0
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Fig.1 Relation between score and accuracy
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Fig.2 An example of extracting reputations
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Fig.3 An example of success/failure cases
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